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HYPERSPECTRAL IMAGE CLASSIFICATION BASED ON
MULTIPLE FEATURES DURING MULTIRESOLUTION FUSION

ZHANG Jun-Ping, ZHANG Ye
( Department of Information Engineering, Harbin Institute of Technology , Harbin 150001, China)

Abstract; Because of the high data dimensionality of hyperspectral data, conventional methods are difficult to obtain satis-
fied results in the study of hyperspectral classification for materials on the ground. In the process of feature images extrac~
tion based on wavelet multiresolution fusion, a new method, which uses a feature vector consisting of multiple spacious sali-
ent features to determine fusion weights, wass presented. The algorithm can effectively reduce the hyperspectral data dimen-
sionality and obtain the feature images for the successive classification. The experiments on AVIRIS data show that classifi-

cation accuracy by using the new method is higher than that of using the conventional methods in determining weights.
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Fig. 1 The full data space and subspace
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Fig.2 Wavelet decomposition and fusion for hyperspectral
images
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Fig. 3 Hyperspectral image classification system based on
wavelet multiresolution fusion
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